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EDUCATION
Ph.D, State Key Laboratory of CAD & CG, Zhejiang University, Hangzhou, China Sept. 2023 - Present
B.S., Computer Science and Technology, Zhejiang University, Hangzhou, China Sept. 2019 - Jun. 2023

o GPA: 3.94/4.0; Comprehensive score ranking: 10/159

* Main Course: Calculus A 1 (96), Calculus A II (93), Fundamentals of Data Structures (100), Numerical Analy-
sis(96), Operating System (97), Computing Vision (92), Artificial Intelligence (96), Artificial Intelligence Security
(96).

* Award: Third-class Scholarship (2 consecutive years: 2020, 2021), Excellent Graduation Thesis (2023.June),
First prize of NOIP 2017, Second prize of NOIP 2016, Second prize of HNOI 2017.

PUBLICATIONS

(* indicates Equal Contribution)

1. BiTrajDiff: Bidirectional Trajectory Generation with Diffusion Models for Offline Reinforcement Learn-
ing
Yunpeng Qing*, Yixiao Chi*, Shuo Chen*, Shunyu Liu, Kexuan Zhou, Sixu Lin, Litao Liu, Changqing Zou.
International Conference on Machine Learning (ICML), 2026.

* We propose a plug-in data augmentation framework for offline RL, termed Bi-directional Trajectory Diffu-
sion (BiTrajDiff), which enriches the diversity of offline datasets through bi-directional diffusion generation.
Extensive experiments across various offline RL algorithms on the D4RL benchmark demonstrate that BiTra-
jDiff effectively enhances the performance of offline RL methods, outperforming state-of-the-art counterparts.

2. DyGRO-VLA: Cross-Task Scaling of Vision—-Language—Action Models via Dynamic Grouped Residual
Optimization
Sixu Lin, Yunpeng Qing, Litao Liu, Ming Zhou, Ruixing Jin, Xiaoyi Fan, Guiliang Liu.
International Conference on Machine Learning (ICML), 2026.

* We propose a scalable reinforcement fine-tuning framework for VLA models: DyGRO-VLA, which improves
cross-task generalization through mixture-of-RL-residuals optimization. Extensive experiments on LIBERO
and RoboTwin2 benchmarks demonstrate that DyGRO-VLA consistently enhances multi-task manipulation
performance and robustness under distribution shift.

3. A2PO: Towards Effective Offline Reinforcement Learning from an Advantage-aware Perspective
Yunpeng Qing, Shunyu Liu, Jingyuan Cong, Kaixun Chen, Yihe Zhou, Mingli Song.
Neural Information Processing Systems (NeurIPS), 2024.

* We propose an Advantage-Aware Policy Optimization (A2PO) framework for offline reinforcement learning
to solve the constraint conflict issue when offline datasets are collected from multiple behavior policies. Ex-
periments conducted on the various datasets of the DARL benchmark demonstrate that A2PO yields results
superior to state-of-the-art counterparts.

4. Curricular Subgoals for Inverse Reinforcement Learning
Shunyu Liu*, Yunpeng Qing*, Shuqi Xu, Hongyan Wu, Jiangtao Zhang, Jingyuan Cong, Tianhao Chen, Yunfu
Liu, Mingli Song.
IEEFE Transaction on Intelligent Transportation Systems (TITS). (IF/JCR: 8.5/Q1)

* We propose a Curricular Subgoal-based Inverse Reinforcement Learning (CSIRL) framework explicitly disen-
tangling a task with several subgoals to guide imitation in solving the error propagation problem. Experiments
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on D4RL and self-driving benchmarks demonstrate that D4RL yields results superior to the state-of-the-art
counterparts, as well as better explainability.

5. A Survey on Explainable Reinforcement Learning: Concepts, Algorithms, and Challenges
Yunpeng Qing, Shunyu Liu, Jie Song, Huiqiong Wang, Mingli Song.
arXiv 2023.

* We propose a new RL-based taxonomy for current Explainable Reinforcement Learning (XRL) works to make
up for the shortcomings of lacking RL-based architecture in the XRL community. The taxonomy is based on
the explainability of different parts of the reinforcement learning framework: model, reward, state, and task.

6. Centralized Advising with Decentralized Pruning Framework for Multi-Agent Reinforcement Learning
Yihe Zhou, Shunyu Liu, Yunpeng Qing, Kaixuan Chen, Tongya Zheng, Yanhao Huang, Jie Song, Mingli Song.
Autonomous Agents and Multi-Agent Systems (AAMAS), 2025.

* We introduce a novel Centralized Advising and Decentralized Pruning (CADP) framework for multi-agent
reinforcement learning, realizing efficacious message exchange for training to fully utilize global information.
Experiments on StarCraft II and Google Research Football benchmarks show the superiority to the state-of-
the-art counterparts.

7. Temporal Prototype-Aware Learning for Active Voltage Control on Power Distribution Networks
Feiyang Xu, Shunyu Liu, Yunpeng Qing, Yihe Zhou, Yuwen Wang, Mingli Song,
ACM SIGKDD Conference on Knowledge Discovery and Data Mining (KDD), 2024.

* We introduce a novel Temporal Prototype-Aware (TPA) module for Active Voltage Control (AVC) tasks by
incorporating temporal dependencies at different timescales to multi-agent reinforcement learning. Experi-
ments on AVC benchmarks with different sizes of power distribution networks show that TPA surpasses the
state-of-the-art counterparts.

8. Powerformer: A Section-adaptive Transformer for Power Flow Adjustment
Kaixuan Chen, Shunyu Liu, Yihe Zhou, Yuwen Wang, Yunpeng Qing, Mingli Song,
ACM SIGKDD Conference on Knowledge Discovery and Data Mining (KDD), 2025 ADS Track.

* We propose Powerformer, a new framework for power system dispatch that uses section-adaptive attention
and graph neural networks to optimize power flow across transmission sections. Tests show that Powerformer
outperforms other methods on the IEEE 118-bus system, a 300-bus system in China, and a European system
with 9241 buses.

RESEACH EXPERIENCE

Research-intern in Shanghai AI Laboratory. China Mar 2025 - Sep 2025

* Part of my job: Collecting and processing embodied interaction data; applying reinforcement learning algo-
rithms (e.g., PPO, GRPO) to fine-tune 7B vision-language-action (VLA) models; and deploying the fine-tuned
VLA models on real-world robotic arms for evaluation.

Participation in School-Enterprise Cooperation Project. China May 2022 - May 2023

* Project name: Decision-Making for Autonomous Vehicles in Urban Road Scenarios based on Inverse Reinforce-
ment Learning.

* [ have designed a novel inverse reinforcement learning algorithm that automatically generates subgoals based on
the agent uncertainty to solve complex navigation tasks. Additionally, I have been responsible for generating
expert data, implementing the entire framework in Python, and conducting experimental comparisons with other
inverse reinforcement learning baselines.

Participation in National Key Research and Development Project May 2023 - present

* Project name: Power Grid Control for Human-in-the-loop Hybrid Reinforcement Learning

* [ have designed a power grid-based environment and utilized reinforcement learning baselines on it to train expert
policy. The environment is about adjusting the output power of the generator to achieve the target power of the
specified section.
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